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Research development on automated robotic peg-in-hole assembly

XU De, QIN Fangbo

Institute of Automation, Chinese Academy of Sciences, Beijing 100190, China

Abstract: Peg-in-hole assembly is a typical operation task in manufactory. The research of peg-in-hole assembly based
on industrial robots is valuable for the application of robots in the automated assembly area. For the peg-in-hole compo-
nents with high precision or complex shapes, the efficient and reliable assembly is still very challenging. The develop-
ment of automated robotic peg-in-hole assembly of peg-in-hole was reviewed from the view of control. First, the process
of robotic peg-in-hole assembly was introduced. Secondly, the assembly control methods based on the traditional models
were described. The newly emerged intelligent assembly methods based on learning mechanism were discussed, espe-
cially the applications of imitation learning and reinforcement learning in the automated robotic assembly. The combina-
tion of the traditional methods and the artificial intelligent methods will provide new energy for the automated robotic
assembly, which will be one of the important developing tendencies in future.
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